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Decreasing of Correlations Among Hidden Neurons of Multilayer Perceptrons
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Abstract

For elucidating the key role of hidden neurons in
information processing of Multilayer perceptrons(MLPs), we
prove that the comelation coefficient between weighted
sums to hidden neurons decreases under element-wise
nonlinear transformations. This is verified through training of
MLPs for an isolated word recognition problem. From this
result, we can say that the element-wise nonlinear functions
reduces redundancy in the information contents of hidden
neurons.
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