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Abstract i

In this paper. we propose a shaded recognition method using symmetric feature. When the
existing PCA is applied to shaded face images, the recognition rate is decreased. To improve
the recognition rate, we use facial symmetry. If the difference of light and shade is greater than
a threshold value, we make a mirror image by replacing the dark side with the bright side
symmetrically. Then the mirror image is compared with a query image. We compare the
performance of the proposed algorithm with the existing algorithms such as PCA, PCA without

three eigenfaces and histogram equalization methods. The recognition rate of our method shows
98.889% with the excellent result.
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1. PCA(Principle Component Analysis)
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3. Mirror image M
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