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Thousands of studies on predicting information and products that are suitable for customers’
preference have been actively proceeding. In massive information, unnecessary information should
be removed to satisfy customers’ needs. This Information filtering has been proceeding with
several methods such as content-based and collaborative filtering etc. These conventional filtering
methods have scarcity and scalability problems. Thus, this paper proposes a recommendation
system using BPN to solve them. Data obtained by survey questionnaire are used as training data
of neural network. The recommendation system using neural network is expected to recommend

suitable products because it creates optimal network. Finally, the prototype for recommendation
system based on neural network is proposed to collect data and recommend appropriate methods
through survey questionnaire. As a result, this research improved the problems of conventional
information filtering.

B keyword : | ANN(Artificial Neural Network) | BPN(Back Propagation Neural Network) | Recommendation
System | Personalized Service |
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