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| Abstract

Context awareness using intelligent system is emphasized in order to provide automatic services
in home automatic system. In this paper, we propose the intelligent context-aware system for
home automation. To implement home automation, we first collect various events occuring in
user’s home, which are saved as a case form. We use the saved data as a training data of a neural
network algorithm and then apply to intelligent context aware system for home automation. This
system provide “right situations do right things” for user. Also this system has intelligent ability.
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