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| Abstract

In electronic commerce, it is important for users to recommend the proper item among large
item sets with saving time and effort. Therefore, if the recommendation system can be
recommended the suitable item, we will gain a good satisfaction to the user. In this paper, we
proposed the associative relation clustering split method in the collaborative filtering in order
to perform the accuracy and the scalability. We produce the lift between associative items using
the ratings data. and then split the node group that consists of the item to improve an efficiency
of the associative relation cluster. This method differs the association about the items of groups.
If the association of groups is filled, the reminding items combine. To estimate the performance,
the suggested method is compared with the K-means and EM in the MovieLens data set.
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Input © Equivalence Class group — BCli
Output © pCluster]
1. while ECli] in Each BC
2 pNodel] = #{Sre, Dsclj)} in BCH)
3 TreeRecursion(pNode)

4. Assign(pCluster{]);
5. Function TreeRecursion(pBtNodel])
6. L = #Count in pBtNode
7 foriOto N <1-1
8 k=0
9 for j7itl o N < L
10. if possible to combination {pBtNodefi] and pBtNodelj1}
il pNodelk++]
= combination of pB:Nodeli] and pBtNodelj]
12. else
13. pCluster{] = pBNodelil and pBtNodelj]
14. if kX0
15. TreeRecursion(pNode)
16. pCluster{] = #(pBtNodelL-1]
17. retum
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Input : Delete node class group — DCIi)
Equivalence Class group — ECIil

Output : Split cluster group — SClIil

1. for i=0 to N ( #EC group

2. pNodel0] = Add Unigue Item in ECIi]
3. for j=0 to N (#DC group

4 for k=0 to N { #pNode

5 if pNodelk] > DCIj]

6. Split pNodelk]

7. for k=0 to N { #Split pNode
8 for 1=0 to N { #Unsplited pNode
9 if pNodelll © pNodelk]

10, Delete pNodelk]}
11, SC = All pNode

12. Clear pNode

13. return
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