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Method of Associative Group Using FP-Tree in Personalized Recommendation System
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Abstract

Since collaborative filtering has used the nearest-neighborhood method based on item
preference it cannot only reflect exact contents but also has the problem of sparsity and
scalability. The item-based collaborative filtering has been practically used improve these
problems. However it still does not reflect attributes of the item. In this paper, we propose the
method of associative group using the FP-Tree to solve the problem of existing recommendation
system. The proposed makes frequent item and creates association rule by using FP-Tree
without occurrence of candidate set. We made the efficient item group using a-cut according to
the confidence of the association rule. To estimate the performance, the suggested method is
compared with Gibbs Sampling, Expectation Maximization, and K-means in the MovieLens
dataset.
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