s = =
AZY 7S ol2st 2212 MH o|EXIEL] 1 R 24
Analyzing Online Bookstore Customers Using Artificial Neural Network

HHA[, MU, WA, UBS", TEAl
TSR ARAGFEE, AT A B

Hyun—Chi Jeon(chichi@korea,ac.kr)’, Young—Geun Shin(toctop@korea.ac.kr)",
Sang—Sung Park(hanyul@korea.ac.kr)’, Myoung—Hoon Kim(mhkim0114@naver.com)™,
Dong—-Sik Jang(jang@korea.ac.kr)"

Bl 719 WL BAC AAAAN ) Aol 723 FAtekn on olo] Heh Al 29145
o &389 DABA BAE Ao IS L BL = 71 goln AT, B3] 54 Au7} Yue] B4
2 shopstn BAshs A AR CRM wHs Aeke 1S4 BEAolt, tetd 2 =RoldE
2utel MAL olgsts ANASS ARHAA ou) Y= IFSE AT £ Y= PAL AN,
RAE Foiol dolHE U T 2AENS AAse O XS Fadg FEUT 28N &
of dolA)E 7t SAE RAMSE input HOlHE o] ZARNES Mgt BFE 6709 2% o}

3

Pt =
T= =
A 7 7287 BAEAE Fad 2R Aolie AFU.

4

B EN0| | DARRE | QIR | ZREN | AFY |

i Abstract

Due to the development of internet technology and the steady increase of turnover at B2C
market many companies put a lot of work into maintaining a good relationship with internet
customers. Particularly, analyzing and understanding specific customer groups are essential for
effective CRM and marketing strategy. Thus, this paper proposes the method to define the
customers of online bookstore into several meaningful groups. Five important factors and factor
scores for each respondent are obtained by Factor Analysis. Six groups are classified by Cluster
Analysis and Analysis of Variance(ANOVA) is used to verify the difference between each
group.
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Extraction Method: Princinal Componant Analysis,

4. 6 components extracted.
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SOM# K-means& ol &3l 2l NAg o143
= 2HIAES 9] e & [29
12014 R& wbep o] F2t #Ha A 2l(Inter-Cluster
Distance)@tol W 2% 131 Fu FFAY
(Intra-Cluster Distance)gto] 209 255 2 &
AEH7 He 2% ¢ 5 o6l

C:
482

Intra-cluster
distance

a8 12, S2AHS Hn

[% 8% [F 9= 7+ SOM# K-means Wi o= &
FE AR 7t FHE i@ HT inter-clusters}
intra-cluster distance #t& YENIL Stk AT EAu
-2 Euclidean distance® AH&-3t%ich digdd ge
intra-cluster distance gtel® UYoiX& P52 M=z o}
2 THEY inter—cluster distancegt-2 ¢u)3th SOM
£ o] &3l #RE] Fu, ¢ H ARE 5438 4
3 K-means®] 7Z3¢RHth HubHOoZ  intra-cluster
distance 2 WA intra-cluster distance #t& =7 Y
e}

¥ 8. Yxt =zt FU Azl (SOM)

=D 1 2 3 4 5 8
1 1.98 | 394 | 367 | 322 | 317 | 3.41

2 3.94 2,32 3.71 3.33 3.66 3.33
3 3.67 3.71 2.88 3.21 3.44 3.59
4 3.22 3.33 3.21 2,20 3.22 2.83
5 317 | 366 | 3.44 | 322 | 217 | 275
8 3.41 3.33 3.59 2.83 2.75 2.53
79, %7 37k 2 A2l (K-means)
D 1 2 3 4 & 8

1 255 | 226 | 245 | 240 | 225 | 230
2 226 | 3.20 | 3.29 | 3.09 | 3.12 | 3.20
3 245 | 329 | 274 | 316 | 3.28 | 3.17
4 240 | 3.09 | 816 | 316 | 299 | 229
5
6

225 | 312 | 328 | 299 | 291 242
230 | 320 | 317 | 229 | 242 | 3.4t

ROl SOME o83 FURA] o
o2 fea, SOM /I8¢ clgstel 4%
A7 25 W Ay 33

# 10. EMEH Zat (SOM, *** P(0.01)

Cl 21 282283 284|285 208 E Sig
aN| s | o | oo | 2w | ow | em
291 11-0.76963 0.58717 |-0.90154-0.75794 1.15232 | 0.14306 ‘igfg,ooo*"
£912{-0,11526 0.08646 {-1.00820} 102751 |0.8532610.89183 | 2586 000+
2913-0,6591 0.99113|-0,0618} 107683 [0.5821210.71108{ 72| 000
2914 [-1.337561-0.12524 059007 -0.09381(0.05796 | 0.48912*%5°% 0001
201 510,39933-0.22150/0,29951 | 1.09912 [-0.72885/0.30167 316%45_000"*
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