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Travel Time Prediction Algorithm using Rule—based Classification on Road Networks
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Prediction of travel time on road network is one of crucial research issue in dynamic route
guidance system. A new approach based on Rule-Based classification is proposed for predicting
travel time. This approach departs from many existing prediction models in that it explicitly
consider traffic patterns during day time as well as week day. We can predict travel time
accurately by considering both traffic condition of time range in a day and traffic patterns of
vehicles in a week. We compare the proposed method with the existing prediction models like
Link-based, Micro-T* and Switching model. It is also revealed that proposed method can
reduce MARE (mean absolute relative error) significantly, compared with the existing
predictors.
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Rule Generation (T, A, C)
Input: Let T be the total training records,
A be the set of attribute value pairs
and C be the ordered set of velocity class

Output: A set of IF-THEN rules {

1) Let R={ } be the initial rule list;

2) for each velocity class ¢ C do

3)  while stopping condition is not met do

4) r = Learn_ One_ Rule (T, A, o)

5) Remove training records from T that are covered by r.

6) R= R+ 1;
7)  end while
8) end for
9) return R }
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Rule—Based Travel Time Prediction (Start_ Time, Weekday,
Road_ Segment _List)
Input: Start_ Time gives start time for initial
Road segment. Weekday provides
day information of a week. Road _Segment _List
contains all road segments from origin to
destination.
Output: Display predicted travel time for each
road segment from origin to destination {
1) Start_Time_Group=Convert Start_Time to Group;
2) Weekday_Group= Convert Weekday to Group;
3) for (i=0;Road_ Segment _List'=NULL ; i++) do
4)  Xroad_segment_id =Road_Segment _List.ID;
5) X.group = Start_Time_Group;
6) Xweekday_group = Weekday_Group;
7) Velocity_Class = Rule_Extraction (X);
8) End _Time = End Time Measure(X, Velocity_Class);
9) Start_Time_Group =Convert End_Time to Group;
10) Answer = End _Time;
11) end for }
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