AZHHESEMAIAEIO 2 MO| KnowledgeMatrix 7H
Development of the KnowledgeMatrix as an Informetric Analysis System

odizl, H2S, O|FY, O|&tE, AT, 2IS
=74 BATY AREAAE
Bangrae Lee(brlee@kisti.re.kr), Woon—Dong Yeo(wdyeo®@kisti.re. kr),

June—Young Lee(road2you@kisti.re .kr), Chang—Hoan Lee(chereel@kisti.re kr),
Oh—Jin Kwon(dbajin@kisti.re. kr), Yeong—Ho Moon(yhmoon@Kisti.re. kr)

28

dio]g o] 22K E] A4S st o]& A8, FAJAAA A Ee] E83he FF o] HAA
Hog gta|an itk o] d ATFEok F YFAQ Aol AR e|n o] HofZ x9dly] ¢sA
FEAXNTE FHOF BN AE0] Aus D gr) T2 99 B AP AA Faxte] 278
Fwe) s XL X, astolAA FZo) AYHR] Fol Ful A7) AL AHEE) e o8
ol ook webr A& RATHAE oldF BHE FEET] YA AFHREIA A
KnowledgeMatrixZ 7J33l%th KnowledgeMatrix®= =8 @ 5519 AAHRE Ealsie] 2L o
A7) A3 Sdoz dA" =¥ (stand-alone) A28 ot} KnowledgeMatrix®] F2 #A4L 49
B g3 g4, SHAEE, AzZsEL delyl HXEz adkdnh B =84 aMlEin o
KnowledgeMatrix= 91579 tiE2Q] ZREMA 207 vlugls | thddt 715S AFste YL &
FEdolH A o<l FFdole st shedithe FHE 2tn ok

" SH0| | HREAAAL | SAAHY | A0/ | HolEDllY | YEAS

ok ff

Application areas of Knowledge Discovery in Database(KDD) have been expanded to many R&D
management processes including technology trends analysis, forecasting and evaluation etc.
Established research field such as informetrics (or scientometrics) has utilized techniques or
methods of KDD. Various systems have been developed to support works of analyzing large-scale
R&D related databases such as patent DB or bibliographic DB by a few researchers or institutions.
But extant systems have some problems for korean users to use. Their prices is not moderate,
korean language processing is impossible, and user’s demands not reflected. To solve these
problems, Korea Institute of Science and Technology Information(KISTI) developed stand-alone
type information analysis system named as KnowledgeMatrix. KnowledgeMatrix system offer
various functions to analyze retrieved data set from databases. KnowledgeMatrix’s main operation
unit is composed of user-defined lists and matrix generation, cluster analysis, visualization, data
pre-processing. Matrix generation unit help extract information items which will be analyzed, and
calculate occurrence, co-occurrence, proximity of the items. Cluster analysis unit enable matrix
data to be clustered by hierarchical or non-hierarchical clustering methods and present tree-type
structure of clustered data. Visualization unit offer various methods such as chart, FDP, strategic
diagram and PFNet. Data pre-processing unit consists of data import editor, string editor,
thesaurus editor, grouping method, field-refining methods and sub-dataset generation methods.
KnowledgeMatrix show better performances and offer more various functions than extant systems.
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Informtaion

Provdrmity algorithen: Pearson's 1 Clistenng aigarithin: Wards

Proximity Type: Dissimilarity #0f clusters: 557
# of rows: 558 Primary fold:  KeywordsPhs
Based on; Record ; Secondary field: - #Paper

Select Distance: 0.685
# of custers: 339
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