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Although there were some technological developments in improving the collaborative filtering,
they have yet to fully reflect the actual relation of the items. In this paper, we propose the
recommendation System using associative web document classification by word frequency and
a—cut to address the short comings of the collaborative filtering. The proposed method extracts
words from web documents through the morpheme analysis and accumulates the weight of term
frequency. It makes associative rules and applies the weight of term frequency to its confidence
by using Apriori algorithm. And it calculates the similarity among the words using the hypergraph
partition. Lastly, it classifies related web document by using a-cut and calculates similarity by
using adjusted cosine similarity. The results show that the proposed method significantly

outperforms the existing methods.
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