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iris Recognition Using Vector Summation Of Gradient Orientation Vectors
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Iris recognition is a biometric technology which can identify a person using the iris pattern.
Recently, iris information is used in many fields such as access control and information security.
It is important for the iris recognition system to extract the feature which is invariant to
changes in iris patterns. Those changes can be occurred by the influence of lights, changes in
the size of the pupil. In this paper, we propose a novel method based on vector summation of
gradient orientation vectors. Experimental results show that the proposed method reduces

processing time with simple vector calculation, requires small feature space and has comparable

performance to the well-known previous methods.
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