= [=] = = MO
2212 D427 BAMS S5t AIEMES HAEDlY 7182
HBaty| 95t wyE
Methodology for Applying Text Mining Techniques to Analyzing Online Customer
Reviews for Market Segmentation
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In this paper, we proposed the methodology for analyzing online customer reviews by using
text mining technologies. We introduced marketing segmentation into the methodology because
it would be efficient and effective to analyze the online customers by grouping them into similar
online customers that might include similar opinions and experiences of the customers. That is,
the methodology uses categorization and information extraction functions among text mining
technologies, matched up with the concept of market segmentation. In particular, the
methodology also uses cross-tabulations analysis function which is a kind of traditional
statistics analysis functions to derive rigorous results of the analysis. In order to confirm the

validity of the methodology, we actually analyzed online customer reviews related with tourism
by using the methodology.

® keyword: | Methodology | Online Customer Reviews | Text Mining | Cross—Tabulation Analysis | Market
Segmentation |
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