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Abstract

The social media data and the broadcasting data related to onion as well as agri—-food consumer
panel data were collected and investigated if the amount of money spent to purchase onion in
year 2014 when onion price plunged latest were correlated with the frequencies of onion-related
keywords in the social media data and the broadcasting programs because onion price in year
2018 is expected to plunge due to overproduction and there has been needs to analyze impacts
of social media and broadcasting program on onion purchase in the previous similar events, and
identify potential factors that can promote onion consumption in advance. What we identified
from our study include a) broadcasting news programs mentioning words “onion,” were
correlated with onion purchase with 3 - 6 weeks in advance; b) broadcasting entertainment
programs mentioning words "“onion and health,” were correlated with onion purchase with 11
weeks in advance; c¢) blog mentioning words "onion and efficacy,” were correlated with onion
purchase with 5 weeks in advance. Our study provided a case on how social media and
broadcasting programs could be analyzed for their effects on consumer purchase behavior using
big data collection and analysis in the field of agriculture. We propose to use the findings from
the study may be applied to promote onion consumption.
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