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Abstract

Subject classification of thesis units is essential to serve scholarly information deliverables.
However, to date, there is a journal-based topic classification, and there are not many
article-level subject classification services. In the case of academic papers among domestic
works, subject classification can be a more important information because it can cover a larger
area of service and can provide service by setting a range. However, the problem of classifying
themes by field requires the hands of experts in various fields, and various methods of
verification are needed to increase accuracy. In this paper, we try to classify topics using the
unsupervised learning algorithm to find the correct answer in the unknown state and compare
the results of the subject classification algorithms using the coherence and perplexity. The
unsupervised learning algorithms are a well-known Hierarchical Dirichlet Process (HDP), Latent
Dirichlet Allocation (LDA) and Latent Semantic Indexing (LSI) algorithm.
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