https://doi.org/10.56392/JKCA.2020.20.11.636

QI ZHE flgt = 7] Y 78t X2 Tigt YuelE
Differential Evolution Algorithm based on Random Key Representation for
Traveling Salesman Problems

RS
BAojsh AR EAGTEE

Sangwook Lee(slee@mokwon.ac.kr)

A8 A5 FUEFS A% BA FU A5 Mo} 2AE A s AL verfe sy )y
Foll shjolck, £ Q7oL AR Aot FuES BASH BA T AnA BA| 2] A
Sfeto] A% 25} FuZO] U 7] BAWS AN AR Aok FULAZL M UL P 08
Aeow HU B9 AR £AE EA YR LA sl APEE T TSPLIBIIA Ao E2
e BA0 A gkl AP 23 AT WS 7] ERY JI9 i sk FaelFo] gl BA) o]

s 7T e Salsksct.

W SH0 I RE et 2n2E | He 7] BYY | Y X | 8% 3 Y | 2A8s S 22X |

Abstract

The differential evolution algorithm is one of the meta—heuristic techniques developed to solve the
real optimization problem, which is a continuous problem space. In this study, in order to use the
differential evolution algorithm to solve the traveling salesman problem, which is a discontinuous
problem space, a random key representation method is applied to the differential evolution algorithm.
The differential evolution algorithm searches for a real space and uses the order of the indexes of the
solutions sorted in ascending order as the order of city visits to find the fitness. As a result of
experimentation by applying it to the benchmark traveling salesman problems which are provided in
TSPLIB, it was confirmed that the proposed differential evolution algorithm based on the random key
representation method has the potential to solve the traveling salesman problems.
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