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Abstract

Metabolic disease is a disease with a prevalence of 26% in Korean, and has three of the five states
of abdominal obesity, hypertension, hunger glycemic disorder, high neutral fat, and low HDL cholesterol
at the same time. This paper links the consumer panel data of the Rural Development Agency(RDA)
and the medical care data of the National Health Insurance Service(NHIS) to generate a classification
model that can be divided into a metabolic disease group and a control group through food consumption
characteristics, and attempts to compare the differences. Many existing domestic and foreign studies
related to metabolic diseases and food consumption characteristics are disease correlation studies of
specific food groups and specific ingredients, and this paper is logistic considering all food groups
included in the general diet. We created a classification model using regression, a decision tree—based
classification model, and a classification model using XGBoost. Of the three models, the high—precision
model is the XGBoost classification model, but the accuracy was not high at less than 0.7. As a future
study, it is necessary to extend the observation period for food consumption in the patient group to
more than 5 years and to study the metabolic disease classification model after converting the food
consumed into nutritional characteristics.
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