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ABSTRNCT
- Images are 2-dimensional projection of }-dimensional
scenes and many problems of scene analysis arise due to
inherent depth ambiguities in a monocular 2-D image.

Therefore, depth recsvery is a crucial preblem in image
understading.

This paper proposes modified alyorithm which is focused
on accurate correspondnce in stereg visien,

The feature we use is zero-crossing points and the sim-
ilarity measure with two preperty evaluation function is
used to estimate initial probability. And we introduce
relaxation technique for accurate and global correspan-
dence,
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1. Feature Extraction
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