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ABSTRACT

In ihis paper, a nes method for determining the

order ol AR, ARMA processes based on PLS (predictlve

Jeast square) principle {is proposed.  This wmethod
wsing modifled lattice algorithm shich has additional
step Is amenable to on-line or adaptive operation and
ls more accurate than any other method.

Some computer simulalions are presented to show the

“fiiciency of the proposed algorfthms.
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Table 1. Order determination lattice algorithm of
covariance type
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Table 2. Order determination algorithm of ARMA
model using 2 channel AR lattice [ilter
( pre-windowed type )
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Table 3. Order
model by

determination algorithm of ARMA
estimating hypothetical input

for t=0 to N-1 do
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Table 7. Simulation results of example 4
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