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A Neural Network Method for Recognition of Part Orientation in a Bowl Feeder
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ABSTRACT

A neural network method is applied for recognizing the orientation o
f individual parts being fed from a bowl feeder. The system is desig
ned in such a way that a part can be discriminated and sorting accor
ding to every possible stable orientation without implementing any m
echanical tooling. The operation of the bowl feeder is based on a 2-
D image obtained from an array of fiber optic sensor located on the
feeder track. The acquired binary image of a moving and vibrating pa
Tt is used as input to a neural newwork which, in turn. determines t
he ciientation of the part. The main task of the neural network. her
€. Is to synthesize the appropriate internal discriminant functions
for the part orientation using the part features. A series of the ex
periments reveals several promising points on performance. Since the
operation of the feeder is highly programmable. it is well suited fo

r feeding and sorting small parts prior to small batch assembly work
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