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A study on the fault diagnosis
in the power system using Neural Network

June Ho Park

Dept. of Electric Eng. Pusam National Univ.

Abstract — When a fault is occurred in Power System,
relay system detect overcurrent or voltage drop and
trip the circuit breaker, Then, an operator in the
control room diagnoses the fault and start the recovery
of the system after analyzing the alarm information of
relays or circult breakers. The alarm informations have
different patterns for each fault of tle electric
equipments on lines in power systems. In this paper,
Back propagation algorithm is applied to train for many
kinds of the fault in the power system. The simulation
results show the possibility of the neural network
application for the fault diagnosis in the case of
errorous operation as well as normal operation of
relays or circuit breakers.
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