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ABSTRACT

As an approach to design the intelligent controller, this
paper proposes a new FNN(Fuzzy Neural Network) control
method using the hybrid combination of fuzzy logic control
and neural network. The proposed FNN controller has two
important capabilites, namely, adaptation and Icarning.
These functions are performed by the following process.
Firstly, identification of the parameters and estimation of
the states for the unknown plant are achieved by the
MNN(Model Neural Network) which is continuously
trained on-line. And secondly, the learning is performed by
FNN controller. The error back propagation algorithm is
adopted as a learning technique. The effectiveness of the
proposed method will

be demonstrated by computer

simulation of a two d.o.f. robot manipulator.
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Table 2. Parameters of the robot

A % [RuA ga[Fus 23
M(kg) 2.5 2.0
L(m) 0.53 0.47
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Table 3. Initial and refined values of FNN
controller for the robot
s A=) g2 Sz 332
7
271z | £33 | 2713 | £3A
Wt -0.470 -0.485 -0.310 -0. 402
W4z | -0.100 -0.131 -0.100 -0,265
W43 0. 000 0. 000 0. 000 0. 000
W4y 0.100 0.134 0.100 0.100
Wi4s 0.500 0.540 0.410 0.410
GE 13.120 79. 669 30.160 |183.376
GC 1.540 2.024 0.920 0.594
GU 70. 000 70. 000
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Fig. 6. The first result of FNN controller
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