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using Statistical Characteristics and Neural Network
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ABSTRACT

Texture analysis, one of the image processing

techniques, wusing statistical characteristics is

applied to the ultrasound images, which are then
classified into each types through neural network.
This is a method to be used to diagnose ultrasound
images automatically and objectively. First some kinds
of texture analysis techniques proposed already are
used to classify ultrasound images and compared in
terms of classification rate, and then a new technique
is proposed which is invariant to multiplicative gain

changes and image resolution.
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