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Position Control of DC Servo Motor

Using Neural Network Controller

Joon Tark Lee, Kwon Soon Lee, Sang Seuk Lee, Cheul Young Park
Dept. of Electrical Engineering Dong-A University

Abstract- In this paper, a class of neural-network
controllers with two inputs of error and error change, is
applied to the position control of D.C, servo system,
The proposed controller is learned by error
back-propagating error information to compensate the
weighting value using its previous derivatives and to
decrease exponentially a series of self learning
coefficients. Through the simulations and implementations,
the effectiveness and superiority to the conventional
fuzzy controller is proved.
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D, C. Serve Motor

Re=1.3 {Q]

J=0, 00018{kg’ cw'sec’]
Kp=0. 04098[V's'/rad]
Rated Voltage U,=15.0[V]
Rated Current I,=3,56[A]
Rated Power Pu=60 [¥]

L:20.00170 [H]

B8=0. 002727 (kg cmwsec]
K=Ki=0. 086875 kg cm/A]
Rated Torque To=2.35[kg cm]
Rated Speed Ny=3000{rpm]
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