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A study on Induction Hotor Servo Systen using
Self-learning Neural -Fuzzy Netrorks
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Abstract

In this study, a Self-learning Neural-Fuzzy Networks is
presented. Because of the fuzzy controller property, the
designing problems of fuzzy if-then rules, membership
functions and inference methods are very complex task. Thus
in this paper we proposed the Neural-Fuzzy Networks composed
by Sugeno and Takagi's fuzzy inference method and learned by
using temporal back propagation algorithm. The proposed
method can refine automatically the fuzzy if-then rules
without human expert’'s knovledges, The induction motor servo
system is used to demonstrate the effectiveness of the
proposed control scheme and the feasibility of the acquired
fuzzy controller., All results are supported by simulation.
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