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[J ABSTRACT

The degree of forecast accuracy with BP-algorithm largely
depends upon the neuron number in hidden layer. In order
to construct the optimal structure, first, we prescribe the error
bounds of learning procedure, and then, we provid the method
of incrermenting the number of hidden neurons by using the
derivative of errors with respect to an output neuron weights.
For the case study, we apply the proposed method to forecast
the component-wise residential load, and compare this results
to that of time series forecasting.
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