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Velocity Control of DC Motor using

Neural Network and Evolutionary Algorithm

°G. H. Hwang, K. J. Mun, S. 0. Yang, H. S. Lee, J. H, Park
Dept. of Electrical Engineering, Pusan National University

Abstract : This paper propose a Neural ~ GA - ES IC
motor speed controller, The purpose is to achieve
accurate trajectory control of the motor speed. A
feedforward neural network structure is used for the
controller, Genetic algorithm and evolution strategy
is used for learning coniroller. Simulations are
performed to demonstrate the effectiveness of
proposed genetic algorithm and evolution strategy

with neural structure,
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