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Parameter Identification of Nonlinear Systems using Hopfield Network
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ABSTRACT - Hopfield networks have been applied to the
problem of linear system identification. In this paper,
Hopfield network based parameter identification scheme of
non-linear dynamic systems is proposed.

Simulation results demonstrate that Hopfield network can be
used effectively for the identification of non-linear
systems assuming that the system states and their time
derivatives are available. Therefore, the proposed scheme
can be applied in fault detection and isolation(FDI) and
adaptive control of non-linear systems where the Hopfield

networks perform on-line identification of system
parameters,
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