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Abstract

An early detection of cancer is very important for the
complete cure of cancer. Therefore, it is considered a
diagnosis of cancer via the detection of an abrupt change
from the healthy state to the cancerous state. It includes
the development of algorithm for the detection of parameter
change for conditionally-linear stochastic systems for the
cancer diagnosis.

The statistical testing is proposed to implement a
parameter change algorithm. The detection algorithm studied
in this research is based on sequential hypotheses testing in
a so-called local asymptotic framework. Here a simple
numerical example is provided to highlight some of the
concepts and to provide a basis for further investigation.
Despite its simplicity this research may have practical
application in clinical oncology.
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Fig. 1 Detection for the Same Measurement Error Variance
but Sampling Period = 0.1.

Dutaction = £.2 Alarn » 1.8

)
AN

L 1 2 3 4 s

Fig. 2 Detection for the Same Measurement Error Variance
but Sampling Period = 0.3.
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Fig. 3 Detection for the Decreased Measurement Ervor
Variance.
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