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Abstract - In this paper, a transient signal
classification system using logistic regression and
neural networks is presented, where four neural
networks such as MLP, MLP-Class, RBF and LVQ are
utilized to classify given transient signals, based
on the logistic regression method. Also, some test
results with experimental transient signal data are
provided.
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B =M Azo] digk £ AH A4E 97HA
ok AmslsiE o] Hold MLP (Multilayer Perceptron),
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Integrator (BNT), Heuristic Combination of Confidence
Ractor (CF), Averaging (AVE), Majority Vote (MVOTE) 50| 9l
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2.2.1 Entropy-Based Integrator (ENT)
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o] Mgt Jdrlcle A EAE Fo] UIE EF:
uolu) oy At o] E@AHY].
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2.2.2 Logistic Regression (LR)

Logistic Regression WH[5] & M2 ]2 scaled] 89
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o], least-squares WH2R o] 24 vjule}E S 23 4
Acks]. detulelEe] A aslE logit ol vAE 7
AYrge Buid F2TE Jeich &, o] HemEEe
7 AYs1Eel esigtel Oig AR AgEy, AR 2
logit gh& Z= 358 12 U9 e Y &2 wavd.

BF ool U@

3. 49 ¢ 43
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% sliced 11719 ARAIGE Fote] F 22079 ARASE ¢
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AN ARAY Ne 29 39 (a)can (b)cow fish
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T Ahde] Bg Aon, AU MY F 1007 AEL ol
viA 1257 RS daxe] Agsiglch FR A (A8
& AY 19 5 ¥F Mol 4Tk (f)sperm whale
(g) toad fish (h)trigger fisho] 3 R{HE tiste], My W
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A AH(F, BHE ME 5 A AY 01 2 ox
2 =) A 41!57191 eys] A7H93. 5%~96. 5% A418) et
o2 79 AW AR AW gnede) vl S48 A4E
(97~98% A H) & ek 53, 487l &Y scaledl
A8glo] R ANHE A= AHAEE AW ¢ A:
logistic regression W (X 2: LR 1, LR 2, LR 3: 98% ¢!
AE)ol, && 4Y scaled 2+ PU/EE AT 4 Y=
ENT (97% A1) R} o] §89H& ¢ 4= Atk

4. FE
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E L5 RE Mol Mz Ay AA(UYE 1)

A JAR class}_ﬁ{:ation
MLP 1237125 (98. 4%)
7
MLP-Class 1237125 (98. 4%)
q REF 122/125(97. 69)
7
e 1237125 (98. 4%)
BNT 123/125 (98. 4%)
A
H LR 1 123/125 (98. 4%)
7
3 LR 2 1237125 (98. 4%)
LR 3 1247125 (99. 8%)

2. 8 RF Mol Ax Ay A (YUY 1)

Ay Aasm clnssl":igntian

uLp 1907200 {95. 0%)

fg MLP-Class 193/200(96. 5%)

2 RBF 187/200 (93. 5%)

4 we 192/200 (96. 08)

BNT 194/200 {97. 0%)

:q LR 1 1967200 (98. 0%)

; LR 2 1967200 (98. 0%)
o LR 3 196/200 (98. 0%) J

ENT : MLP, MLP-Class, RBF %}
LR 1: MLP, MLP-Class, RBF QA%}
LR 2: MLP, MLP-Class, LVQ 3%
LR 3: MLP, MLP-Class, RBF, LvQ A

w- % w *

s34 22

A7 gz 497 ]
(MLP, RBF, LVQ, MLP-Class)

L
497 A% 4uad )

s +F 34

29 1. 44 A29

)

(b} cow fish

ETo

[ l 0] El 15

{c) pilot whale

20
(g) toad fish (h) trriger fish
29 3. ATl AL 8 BRe Ul £F 48 AT
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