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abstract

This paper presents the automatic construction of fuzzy
rule-based systems for diagnosing the faults of complex systems.
Generally, fuzzy systems work well when we can use expert's
experience to articulate fuzzy IF-THEN rules and memberships for
fuzzy sets. When we cannot do this, we should generate the fuzzy
rules and membership functions for fuzzy sets directly from
experimental data. In this paper, we propose a new method on how
to extract fuzzy sets and fuzzy nules. We also introduce an efficient
fine-tunning algorithm of the parameters of membership functions.
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