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A New Design Technique for BSB{Brain-State-in-a-Box) Neural Networks

Seongsik Yoon® , Jooyoung Park”, Dajhee Park® "’
Korea University

Abstract:

This paper presents a new design technique that
can be wused for brain-state-in-a-box neural
networks to realize associative memories. The
applicablility of the technique is demonstrated by
weans of a simulation example, which illustrates
its strengths.
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11. BSB Al wel sEdasl 5] nAdS,Y

n718 WPELE offojal BB AR ERYE (1)
Ale} AbepubaAl(state equation) 22 EHY 4 glrH2]
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