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A Study on the Grinding Trouble-Shooting Utilizing the Neural Network
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ABSTRACT

Grinding operations is accomplished by rotating a grinding wheel with lots of random abtasive at high

speed, and its object is generally obtained the fanal workpiece surface of high quality as well as the

maximization of workpiece removal rate.

But, especially since grinding operations is related with a large amount of functional parameter, it is actually

difficult to therapy that the grinding trouble occurs during the grinding process.

Therefore, we try to design grinding trouble-shooting system utilizing the back-propagation model of neural

network. The conceptual method is produced by identifying the four parameters derived from the grinding

power, and we are design the to the grinding trouble-shooting system on the basis of their data.

In this paper, cognition and therapy method to the grinding trouble which utilizes neural network based four

identified models are suggested, and implementation results of computer simulation with respect to the grinding

burn and chatter vibration is presented.
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Fig.1 Conceptual Diagram for the Distribution

of Grinding Temperature
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Fig.2 Characteritics of Grinding Power for
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