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Absract

The indirect vector control method is generally
used for variable speed control of induction motor,
due to its excellent response characteristics.
However, this is very sensitive to the variation of
motor parameters caused by temperature rise and
magnetic saturation and so on. Linear induction
motor (LIM) has asymetric phase circuit parameters
because of its special phenomena, end effects. So
this paper describes on the method that identifies
the circuit parameters using neural network in the

vector control of LIM.
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Table 5. Specification of LIM
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Fig 5.Thrust reference during
training neuro-controller
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during training neuro-controller

53 8

£ =RdMe MEREAREYY £xA05 A% 743y
e Aeolalol glojA, welalEle] SigEYe #E AR
2% controller® A 883w, a¥asHd 28 554
SNz deieleo Wl dfMe AAsaw
controllers] #¢-& F3e Y £x Aojst J5ye
44 A%t

o]

{1] Lazhar Ben-Brahim, Ryoichi Kurosawa, "A Comparision
Between Neural Networks and MRAS based Speed
Estimation for Vector Controlled Induction Motor®, IEE of
Japan 1AS annual meeting, pp.J(93-24) 1-5. 1993

[2] Kazuo Shimane, Sigert Tanaka, Susumu Tadakuma,
“Vector Control for Induwction Motor using Neural
Network”, Conventional Record of Japan Industry
Application Symposium, pp.173-176, 1993

31 43, 434, “AQA2YL o)4¥ {=AFI 2%
Acl”, NFANGEH =FA, Vol 45 No 1, pp 42-53,
1996.

41 9, “A7lAe f884Y", ¥3A), 1992,

{5} Dal-Ho Im and Chang-Eob Kim, "Finite element force

induction motor  taking

into account of the movement,” TEEE Trans, Magn,

Vol. 30, No5, pp.3495-3498, 1994,

calculation of a  linear

- 249 -



