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ABSTRACT

This paper describes ECG signal labeling based
on Fuzzy clustering, which is necessary at
automated ECG diagnosis. The NPPA(Non para-
metric  partitioning  algorithm) compares the
correlations of wave forms, which tends to
recognize the same wave forms as different when
the wave forms have a little morphological
variation. We propose to apply Fuzzy clustering to
ECG QRS Complex labeling, which prevents the
errors to mistake by using If-then comparision.

The process is divided into two parts. The first
part is a parameters extraction process from ECG
signal, which is composed of filtering, QRS de-
tection by mapping to a phase space by time delay
coordinates and generation of characteristic vectors.

The second is fuzzy clustering by FCM(Fuzzy -

c-means), which is composed of a clustering, an
assessment of cluster validity and labeling.
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Fig. 1 Frequency response of the low pass filter
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Fig. 4 FCM Algorithm on the artificial data
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Fig. 5 A constructed ECG labeling program
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