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Abstract This paper proposes the hybrid algorithm for the optimization of the structure and parameters of

the fuzzy neural networks by genetic algorithms (GA) to improve the behaviour and the design of fuzzy

neural networks. Fuzzy neural networks have a distinguishing feature in that they can possess the advantage

of both neural networks and fuzzy systems. In this way, we can bring the low-level learning and

computational power of neural networks into fuzzy systems and also high-level, human like IF-THEN rule

thinking and reasoning of fuzzy systems into neural networks. As a result, there are many research works

concerning the optimization of the structure and parameters of fuzzy neural networks. In this paper, we

propose the hybrid algorithm that can optimize both the structure and parameters of fuzzy neural networks.

Numerical example is provided to show the advantages of the proposed method.
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Table 1. The performance comparison between the
proposed method and other methods
Methods NpEp | umber of
rules
Ours 0.1785 5
ANFIS 0.007 16
AR Model 0.19 X
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