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Optimal Algorithm of FOV for Solder Joint Inspection Using Neural Network
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Abstracts In this paper, a optimal algorithm that can produce the FOV I1s proposed in terms of using the Kohonen's

Self-Organizing Map(KSOM). A FOV. that stands for

“Field Of View". means maximum area where a camera could

be wholly seen and influences the total time of inspection of vision system. Therefore, we draw algorthm with a

KSOM which aims to map an input space of N-dimensions into a one- or two-dimensional lattice of output layer
neurons in order to optimize the number and location of FOV, instead of former seguential method. Then, we show

demonstration through computer simuiation using the real PCB data.

Keywords Vision system, Nueral network, Solder joint inspection. Self-Organizing Map
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Fig. 1 Flowchart of Vision System
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