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ABSTRACT

In this paper, Fuzzy ART which is one of the competitive learing neural networks is applied to
machine-part cell formation problem. A large matrix and various types of machine-part incidence
matrices, especially including bottle-neck machines, bottle-neck parts, parts shared by several cells, and
machines shared by several cells are used to test the performance of Fuzzy ART neural network as a
cell formation algorithm. The result shows Fuzzy ART neral network can be efficiently applied to
machine-part cell formation problem which are large, and/or have much imperfection as exceptions,

bottle-neck machines, and bottle-neck parts.
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