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Optimization of Regression model Using Genetic Algorithm and Desirability Function

H. L. Ahn(Precision Mecha. Eng. Dept. HYU), S. H. Rhee(Precision Mecha. Eng. Dept., HYU)

ABSTRACT

There are many studies about optimization using genetic algorithm and desirability function. It’s very important to find

the optimal value of something like response surface or regression model. In this study I indicate the problem using the old

type desirability function, and suggest the new type desirability function that can fix the problem better, and simulate the

model. Then I'll suggest the form of desirability function to find the optimum value of response surfaces which are made by

mean and standard deviation using genetic algorithm and new type desirability function.
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Fig. | Flowchart of the whole process

Table | Parameter of Genetic Algorithm

Population 30
String x1 !
x2 7
Generation S0
Crossover rate 0.95
Mutation rate 0.01
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Fig. 5 Desirability function of case 4
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Fig. 7 Comparison result of case 1 and case 2
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Fig. 4 Desirability function of case 3
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Fig. 9 Comparison result of case 1 and case 3
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