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Abstract - The objective of this paper is, based
upon the principles of artificial life, to induce
emergent behaviors of multiple autonomous mobile
robots which form from simple local rules to
complex global intelligence. Here, we propose an
architecture of neural network leaming with
reinforcement  signals  which  perceives  the
neighborhood information and decides the direction
and the velocity of movement as mobile robots
navigates in a group. As results of the simulations,
the optimum weights are obtained in real time,
which not only prevent from the collisions between
agents and obstacles in the dynamic environment,
but also have the mobile robots move and keep in
various patterns.
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