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Two stage neural network for spatlo-temporal pattern recognition

Chung-soo, Lim, Chong-ho, Lee
Department of Electrical Enginesring, inha University

Abstract

This paper introduces Two-stage neural net-
work that is capable of recognizing spatio-
temporal patterns. First stage takes a spatio-
temporal pattern as input and compress it into
sparse spatio-temporal pattern. Second stage is
for temporal pattern recognition with non-
uniform inhibitory connections and different cell
sizes. These are basic properties for detecting a
embeded pattern in a larger pattern. The net-
work is evaluated by computer simulation
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