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Environmental Constrained Economic Dispatch Using Neural Network

Sang Bong Rhee*’®
Han Yang University*

Abstract - This paper presents the Two-Phase
Neural Network(TPNN) to slove the Optimal
Economic Environmental Dispatch problem of
thermal generating units in electric power
system. The TPNN, Compared with other
Neural Networks, is very accurate and it takes
smaller computer time for a optimization pro-
blem to converge.

In this work. in order to provide useful infor-
mation to the system operator, we are used the
total environmental weight and relative weigh-
ting of individual insults(e.g., SO2, NOx and
CO2) also, presented the simulation results of
the dispatch changes according to the weights.

The Two-Phase Neural Network is tested on
a 11l-unit 3-pollutant system to prove of effec-
tiveness and applicability.
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1000} 300 | 1.42 ] 10.5343 1 0.000064 | 0.375 | 0.166 | 91.13
1000} 300 | 1.42 ] 10.5343 | 0.000064 | 1.214 | 0.352 | 91.13
1000} 300 § 1.71 | 10,5343 | 0.000064 | 0.543 | 0.062 | 70.0
1000] 300 | 2.56 | 10.1887 | 0.000797 | 0.671 1 0.259 | 70.0
1000 2.56 | 10.1887 | 0.000797 | 0.588 [ 0.116 | 70.0
1000 2.65 | 10.1887 | 0.000797 | 0.447 | 0.116] 70.0
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1000 2.89 ] 10.1887 1 0.000797 10315 0.116 | 70.0
10004 300 | 2.98 | 10.1887 | 0.000797 1 0.133 | 0.124 | 70.0
1000] 300 | 261 | 8.54642 | 0.000996 | 0.0 |0.111]48.46
500 | 150 ] 261 | 858414 10.004014] 0.0 [0.111]4846
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