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Abstract - The paper presents an approach to
the structure identification based on the CART
(Classification And Regression Tree) algorithm
and to the parameter identification by hybrid
learning method in neuro-fuzzy system. By using
the CART algorithm, the proposed method can
roughly estimate the numbers of membership
function and fuzzy rule using the centers of
decision regions. Then the parameter identi-
fication is carried out by the hybrid learning
scheme using BP (Back-propagation) and RLSE
(Recursive Least Sguare Estimation) from the
numerical data. Finally, we will' show it's
usefulness for fuzzy modeling to truck backer -
upper control.
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