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Abstract

This paper describes the algorithm which extracts
moeving vehicles from sequential images and tracks
those vehicles using Kalman filter. This work is
composed of a motion segmentation stage which
extracts moving objects from sequential images and
gets features of objects, and a motion estimation
stage which estimates the position and the motion
of moving objects using Kalman filter. In the metion
estimation stage, applying to affine moticn model we
divided the Kalman filter into position filter and
velocity filter to employ linear Kalman filter.
Multi-target tracking requires a data assocciation
component that decides which measurement to use
for updating the state of which object. We use
pattern recognition method to solve this problem.
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