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Misclassification Matrix (14718 ojoje] 4 )

Actual Category(1471 8 Edjol'd ) Actual Category(14748 ElAE M)
Non-Response Response Total Non—Response Response Total
Non-Response 22,396 722 23,118 9,612 332 9,944
Predicted
Respons 43 4t 454 14 145 159
Category
Total 22,439 1,133 28,672 9,626 477 10,103
Learning Sample Testing Sample
Risk Estimate 0.0324538 0.0342473
SE of Risk Estimate 000115417 0.00180934
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