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Abstract

In this paper, we propose a nonlinear system identification method using the genetic algorithm.
We represent the nonlinear system as a parameter vector and a measurement vector of ARMAX
model. In order to identify the nonlinear system, we find the parameter vector using the genetic
algorithm. The parameter vector is regarded as a chromosome of gene. The error between the
desired output and estimated output every sampling period is used to calculate the fitness of one
gene. The simulation results showed the effectiveness of using the genetic algorithm in the
nonlinear system identification.
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