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Passivity-based transient stabilizer of power system using neural network

Jung-won Lee, Yong-ik Lee and Duk-sun Shim
Department of control & instrumsntation engineering. Chung-Ang university

Abstract - We study the transient stability
control problem for electric power system.
Passivity-based control method is wused to
obtain transient stability. We propose a method
which uses neural network to obtain passivity
and the transient stability, and compare the
simulation result with that of speed gradient
method which was developed by other
researchers,
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