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Design of Torque Compensatory Controller for Robot Manipulator
using Chaotic Neural Networks

Chan Moon. Sang-Hee Kim. Won-Woo Park
School of Electronic Eng. Kumoh National Univ. of Tech.. Korea

Abstract - In this paper. We Designed the
torque compensatory controller for robot
manipulator using modified chaotic neural
networks with self feedback loop.

The proposed torque compensatory controller
compensate torque of the PD controller. In
order to estimate the proposed controller, we
implemented to the Cartesian space control of
three-axis PUMA robot and compared the
simulation results with recurrent neural
networks(RNNs) controller.

Simulation results show that the learning
error drastically decrease at on-line learning.
The proposed CNNs controller shows much
better control performance and shorter
processing time compared to the recurrent
neural network controller in the robot trajectory
control.
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