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procedure IREP(Pos, Neg)
begin
Ruleset = @
While Pos # @ do
/% grow and prune a new rule */
split (Pos, Neg) into (GrowPos, GrowNeg)
and (PrunePos, PruneNeg)
Rule = GrowRule(GrowPos, GrowNeg)
Rule = PruneRule(Rule, PrunePos, PruneNeg)
/* stopping condition */
if the error rate of Rule on
(PrunePos, PruneNeg) exceeds 50% then
return Ruleset
else
add Rule to Ruleset
remove examples covered by Rule from (Pos,Neg)
endif
endwhile
return Ruleset
end
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republican 112 11 IF physician_fee freeze = y .
(a) [republican 2 0 IF adoption_of_the_budget_resolution
democrat 173 2 IF .

u mx_missile = u .

(b)

'"How about mx_missile’ finds mx_missile.

suggestion is single_valued.

rule0::: if physician_fee_freeze = y then suggestion = republican. €——
"How about physician_fee_freeze’ finds physician_fee freeze. '
rulel::: if adoption_of_the_budget_resolution = u and mx_missile = u then suggestion= republican.

‘"How about adoption_of_the_budget_resolution’ finds adoption_of_the_budget_resolution.
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CAR unacc, ace, good, v_good
. PRICE v_high, high, med, low

. . BUYING v_high, high, med, low

. . MAINT v_high, high, med, low

. TECH poor, satisf, good, v_good
. . COMFORT bad, acc, good, v_good
.. . DOORS 2, 3, 4, 5_more

. . . PERSONS 2, 4, more

... LUG_BOOT small, med, big

. . SAFETY low, med, high
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rule0i: if safety - high and buving - low and lug_boot- big
and persons - 4 then suggestion - v_good.

rulel:: if safety - high and buying - med and maint’ - med
and persons - 4 and lug_boot - big

then suggestion - v_good.

rule9: i maint - low and buving - med and persons-more
and safety - med then suggestion - good.

rulel0t if buving - low and maint - low and persons-more
and safely - high then suggestion - good.

rule38::t if safety - med and doors - more 5 and persons- 4
and lug_boot - med then suggestion - ace.

rule39:: if buving - low and persons - more and safety-med
and maint - high then suggestion - acc.

‘How about safety’ finds safety.
‘How about doors’ finds doors.
‘How about persons’ finds persons.

"How about lug_boot’ finds lug_boot.
‘How about buving’ finds buving.
‘low about maint’ finds maint.

suggestion is single_valued.
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