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Abstract

In this paper, we review the conventional speaker
verification algorithm and present the text-dependent
speaker verification system for application over
telephone lines and its result of experiments.

We apply blind~segmentation algorithm which
segments speech into sub-word wunit without
linguistic information to the speaker verification
system for training speaker model effectively with
limited enrollment data. And the World-model that
is created from PBW DB for score normalization is
used.

The experiments are presented in implemented
system using database, which were constructed to
simulate field test, and are shown 3.3% EER.
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