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Optimal Path Planning for Mobile Robots
based on Genetic Algorithms and Visibility Graph

Youn-Boo Jung., Min-Jung Lee, Hyang-Sig Jun. Young-kiu Choi
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Abstract - This paper proposes a path
planning algorithm for mobile robots. To

generate a minimum-distance path for mobile
robots, we use the Genetic Algorithm(GA) and
Visibility Graph.

After finding a minimum-distance path
between a start and a goal point, the path is
revised to find the smooth subminimum-
distance path by a path-smoothing algorithm.
Simulation results show that the proposed
algorithms are effective.
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